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Quantification of Lateralization



In the literature

Lateralization of physiological signals
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Correlation

Event Correlation Results

Correlation coefficient per event (BVP)
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Effect size @
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Effect size
Cliff’s 6 Results

Cliff Delta values (BVP) Cliff Delta values (EDA phasic)

baseline- 0.098 -0.044 0.043 -0.187 -0.022-0.169 0.013 } -0.074 0.014 -0.017 -0.007 0.009
clapping hands- 0.122 -0.045 0.089 -0.256-0.023-0.109 0.089}1-0.125 -0.127 -0.104 -0.139 0.16

cognitive load- 0.106 0.065 0.089 -0.137 0.008 -0.254 0.089 | 0.025 0.055 0.062 0.037 0.025

Event

fake laughter--0.019-0.028-0.006-0.141-0.079-0.143-0.006} -0.012 -0.053 -0.049 -0.051 -0.166
funny videos- 0.04 -0.045 0.016 -0.137 0.063 -0.137-0.026] -0.058 -0.065 -0.068 -0.061 0.003

laughter episodes-0.151 0.063 0.127 -0.154 0.043 0.059 0.004 } -0.004 0.003 0.001 -0.0 -0.094
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ML Models

Classical Machine Learning
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Training and testing

Paradigms implemented

Worst case
scenario



Resuits
Laughter Recognition ML

Side/Sensor EDA PPG
TrainLeft, TestLeft 59.0 + 0.6 57.1+0.6
TrainRight, TestRight 54.4 + 0.7 54.7 = 0.7
TrainRandom, TestRandom 49.2 + 0.7 56.5 + 0.6
TrainLeft, TestRight 54.8 + 0.6 53.0 +£ 0.5
TrainRight, TestLeft 58.7 + 0.6 54.7 + 0.5
Random Baseline 50.9 £ 2.2




Conclusions




e \We confirmed EDA lateralization @
e \We found small differences in BVP
e \Worst case scenario ML

* Reduction In performance for EDA-

trained models
* Training and testing on different sides

might decrease performance
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