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Classification Procedure
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Results




Single-sensor models

Results

ML Model \ Sensor ECG GSR ST
(Gaussian Process 258 = 3 40 = 3 60 -3
SVM 8 3 44 + 4 9 + 4
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KNN 00 = 2 49 + 1 Ol = 2
QDA 0l = 2 48 T b9 4
Uniform Random Baseline 50 = 2
Biased Random Baseline 52.76 = 0.06

13
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Conclusions




Classical ML can predict stress

Multi-sensor might be better
Best model: ECG + ST

acc: 56.19% f1: 61.85%
No Deep Features here
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